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ABSTRACT 

The increasing prevalence of AI-generated content on social media platforms has raised concerns regarding 

information credibility, authenticity, and users’ ability to evaluate digital information. As artificial intelligence 

becomes increasingly integrated into online communication, transparency regarding AI involvement in content 

creation has emerged as an important mechanism for reducing uncertainty and promoting trust. This study 

aims to examine the role of AI-generated content transparency in shaping public trust and information 

acceptance on social media platforms. A quantitative research approach was employed using a survey method. 

Data were collected from 250 active social media users who had prior experience interacting with AI-

generated content. The proposed research model was analyzed using Partial Least Squares Structural Equation 

Modeling (PLS-SEM) to examine the direct and indirect relationships among AI-generated content 

transparency, public trust, and information acceptance. The results indicate that AI-generated content 

transparency has a significant positive effect on public trust and information acceptance. Public trust also 

exerts a significant positive influence on information acceptance. Furthermore, public trust partially mediates 

the relationship between AI-generated content transparency and information acceptance, indicating that 

transparency enhances information acceptance both directly and indirectly through increased trust. The 

findings highlight the importance of transparent disclosure mechanisms in AI-mediated communication 

environments. By strengthening public trust and facilitating information acceptance, transparency can 

contribute to the development of a more accountable, credible, and trustworthy digital information ecosystem. 

The study further contributes to the literature by integrating transparency, trust, and information acceptance 

into a unified framework for understanding user responses to AI-generated content on social media platforms. 

Keywords: AI-generated content transparency; public trust; information acceptance; social media. 

INTRODUCTION 

The rapid advancement of Artificial Intelligence (AI) technology has fundamentally transformed the way 

information is created, distributed, and consumed in the digital era. One of the most significant innovations is 

generative artificial intelligence, which enables the automatic generation of various forms of content, including 

text, images, audio, and videos that closely resemble human-created works. This technological development 

has accelerated the adoption of AI-generated content across social media platforms to support communication, 

marketing, education, entertainment, and information dissemination activities. The speed, scalability, and 

efficiency offered by generative AI have made it one of the most widely adopted technologies in today's digital 

ecosystem (F. Li & Yang, 2024). 

Despite its numerous benefits, the increasing use of AI-generated content has also raised significant concerns 

regarding information quality and credibility. The ability of AI systems to produce highly realistic content 

makes it increasingly difficult for users to distinguish between human-generated and AI-generated information. 

This situation may contribute to the spread of misinformation, disinformation, public opinion manipulation, 

and other forms of technological misuse, such as deepfakes (Merl et al., 2026). When users are unable to 

identify the origin of a piece of content, they may experience uncertainty in evaluating the accuracy and 

credibility of the information they receive. Consequently, this uncertainty can influence public trust in 
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information circulating on social media and affect users’ decisions to accept or reject such information (Ngo et 

al., 2026). 

To address these challenges, increasing attention has been directed toward the importance of transparency in 

the use of AI for content creation. AI-generated content transparency refers to the provision of clear 

information regarding the involvement of AI in generating digital content through mechanisms such as labels, 

disclaimers, metadata, or other disclosure practices (Balaban & Phua, 2026). Transparency is considered a 

strategic approach to helping users understand the origin of information, reduce uncertainty, and enhance 

accountability in the use of AI technologies (J. Li et al., 2025). By providing transparent disclosures, users are 

expected to make more informed evaluations regarding the quality and credibility of the information they 

encounter on social media platforms (Zhou & Fang, 2026). 

Previous studies have investigated various aspects of AI transparency and users’ responses to AI technologies. 

Research by (Wu et al., 2025) demonstrated that AI transparency contributes to higher levels of user trust by 

reducing uncertainty in interactions with AI systems. Other studies have found that disclosing the use of AI in 

content creation can influence perceptions of information credibility and users’ evaluations of message quality. 

Furthermore, several researchers have reported that users’ trust in information sources significantly affects 

their willingness to accept and utilize information in decision-making processes (Joel-Edgar et al., 2025). 

These findings suggest that transparency and trust are critical factors influencing how individuals evaluate and 

respond to AI-generated information]. 

However, the existing literature still presents several limitations. First, most studies have focused either on the 

direct relationship between AI transparency and user trust or on the relationship between trust and information 

acceptance separately. Second, previous research has primarily examined contexts such as chatbots, 

recommender systems, and other AI-enabled services, while relatively little attention has been given to AI-

generated content within social media environments. Third, the mediating role of public trust in explaining 

how AI-generated content transparency influences information acceptance has received limited empirical 

investigation. These gaps indicate the need for a more comprehensive framework that integrates transparency, 

trust, and information acceptance within a single research model (Y. Liu & Wang, 2025). 

Although previous studies have demonstrated that transparency can enhance trust and that trust influences 

information acceptance, most of these studies have treated these relationships as separate or sequential 

phenomena within specific AI applications, such as chatbots, recommender systems, or automated decision-

support technologies. Consequently, the existing literature provides limited theoretical insight into how 

transparency operates as a broader communication mechanism in social media environments, where users are 

simultaneously exposed to large volumes of AI-generated content from multiple sources with varying levels of 

credibility. This study therefore moves beyond simply confirming established relationships by proposing a 

more integrated theoretical explanation of how transparency functions within AI-mediated communication. 

From a theoretical perspective, this study draws upon several relevant theories. Signaling Theory suggests that 

transparency serves as a signal that reduces information asymmetry between content creators and users. Source 

Credibility Theory argues that individuals’ perceptions of source credibility significantly influence their trust in 

and evaluation of information. Meanwhile, the Information Acceptance Model posits that trust is a critical 

determinant of individuals’ willingness to accept and use information. The integration of these theoretical 

perspectives provides a comprehensive foundation for understanding the relationships among AI-generated 

content transparency, public trust, and information acceptance in social media settings (Duong & Vo, 2025). 

Based on the foregoing discussion, the novelty of this study lies in the development of an integrated model that 

examines the relationships among AI-generated content transparency, public trust, and information acceptance 

within the context of social media. Unlike previous studies that have investigated these constructs 

independently, this study specifically explores the mediating role of public trust in explaining how 

transparency influences users’ acceptance of information generated or supported by AI technologies. 

Therefore, this study aims to examine the effect of AI-generated content transparency on public trust, 

investigate the effect of public trust on information acceptance, analyze the direct effect of AI-generated 
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content transparency on information acceptance, and evaluate the mediating role of public trust in the 

relationship between AI-generated content transparency and information acceptance among social media users. 

Theoretical Studies 

The rapid advancement of generative artificial intelligence has fundamentally transformed the digital 

information ecosystem by enabling the automated creation of text, images, audio, and video content that 

closely resembles human-generated outputs. The widespread adoption of AI-generated content on social media 

platforms has created new opportunities for information dissemination, communication, marketing, and public 

engagement. However, the increasing sophistication of AI technologies has also raised concerns regarding 

information authenticity, credibility, accountability, and the potential spread of misinformation. As users 

become increasingly exposed to AI-generated information in their daily online interactions, the ability to 

distinguish between human-generated and AI-generated content has become more challenging. Consequently, 

transparency has emerged as a critical principle for ensuring responsible and trustworthy use of artificial 

intelligence in digital communication environments (Wibowo, 2025). 

AI-generated content transparency refers to the extent to which information regarding the involvement of 

artificial intelligence in content creation is disclosed to users. Such transparency may be implemented through 

disclosure labels, explanatory statements, metadata indicators, or other mechanisms that inform users about 

how content was generated. The primary objective of transparency is to reduce information asymmetry 

between content creators and users, thereby enabling individuals to make more informed evaluations regarding 

the credibility and reliability of information. In social media environments, where users frequently encounter 

content from diverse and often unfamiliar sources, transparency serves as an important informational cue that 

helps users assess the authenticity and trustworthiness of digital content (Srivastava & Gurme, 2026). 

The importance of transparency becomes particularly evident when considering the role of public trust in 

online information environments. Public trust refers to the degree to which individuals perceive information, 

technologies, platforms, or institutions as reliable, credible, and worthy of confidence. Within the context of 

AI-generated content, trust reflects users’ confidence in both the information itself and the entities responsible 

for producing or disseminating that information. When users are provided with clear and transparent 

disclosures regarding AI involvement, they may perceive greater honesty, accountability, and openness, 

thereby strengthening their trust in the information presented. Conversely, a lack of transparency may increase 

uncertainty, skepticism, and concerns regarding manipulation, ultimately reducing trust toward both the 

content and the platform through which it is distributed (Kelleher et al., 2026). 

Trust plays a particularly important role because it influences how users evaluate and respond to information 

encountered online. One of the most important outcomes of trust is information acceptance, which refers to an 

individual’s willingness to believe, adopt, and utilize information in forming judgments or making decisions. 

Information acceptance is especially relevant in social media environments, where users are continuously 

exposed to large volumes of information with varying levels of quality and credibility. Previous studies have 

suggested that information acceptance is influenced by multiple factors, including information quality, source 

credibility, perceived usefulness, and trust. In the context of AI-generated content, users may be more cautious 

when evaluating information because of concerns regarding authenticity, bias, and accountability. Therefore, 

understanding the factors that facilitate information acceptance has become increasingly important in 

contemporary digital communication research (Otero et al., 2025). 

The relationships among AI-generated content transparency, public trust, and information acceptance can be 

explained through several complementary theoretical perspectives. Signaling Theory argues that information 

asymmetry between parties can be reduced through the provision of credible signals that communicate relevant 

information and reduce uncertainty. In the context of AI-generated content, transparency functions as a signal 

that informs users about the origin and production process of digital information. Through AI disclosure 

mechanisms, labels, and explanatory statements, users receive additional cues that help them evaluate the 

authenticity and reliability of content before forming judgments regarding its credibility. As a result, 

transparency can function as a positive signal that strengthens trust and encourages information acceptance 

(Wei et al., 2026). 
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The role of trust in this process is further explained by Source Credibility Theory, which suggests that 

individuals are more likely to trust and accept information originating from sources perceived as credible, 

knowledgeable, and trustworthy. According to this perspective, users evaluate not only the content itself but 

also the characteristics of the source and the context in which information is produced. Transparency regarding 

AI involvement may therefore enhance perceptions of source credibility by providing users with additional 

information about how content was generated and by whom. When users perceive higher levels of credibility 

and trustworthiness, they are more likely to develop trust and subsequently accept the information presented (J. 

Liu et al., 2026). 

Furthermore, the Information Acceptance Model (IACM) provides a comprehensive framework for 

understanding how individuals evaluate and adopt information in digital environments. The model emphasizes 

that information adoption is influenced by information quality, source credibility, perceived usefulness, and 

trust. Within this framework, trust serves as a critical mechanism through which information characteristics 

influence acceptance behavior. Consequently, transparency may not only directly influence information 

acceptance by reducing uncertainty and improving perceptions of credibility, but may also indirectly affect 

information acceptance through the development of public trust. This perspective suggests that trust functions 

as an important mediating factor linking transparency to users’ willingness to accept and utilize information 

encountered on social media platforms (Khalfallah & Keller, 2025). 

Taken together, these theoretical perspectives indicate that transparency, trust, and information acceptance are 

closely interconnected constructs within contemporary digital communication environments. AI-generated 

content transparency provides users with essential information regarding the origin and production process of 

digital content, thereby reducing uncertainty and enhancing perceptions of credibility. Increased perceptions of 

transparency are expected to strengthen public trust, while higher levels of trust are likely to encourage greater 

information acceptance. Therefore, understanding the relationships among AI-generated content transparency, 

public trust, and information acceptance is essential for explaining how users evaluate and respond to AI-

generated information on social media platforms. Based on these theoretical arguments, a research framework 

and a set of hypotheses are proposed to examine the direct and indirect relationships among the study 

variables. 

The unique theoretical contribution of this study lies in reconceptualizing AI-generated content transparency as 

a multidimensional communication signal rather than merely a disclosure mechanism. By integrating Signaling 

Theory, Source Credibility Theory, and the Information Acceptance Model (IACM), this research explains that 

transparency performs a dual role. On the one hand, transparency directly provides informational cues that 

enable users to evaluate the authenticity, credibility, and usefulness of AI-generated content. On the other hand, 

transparency indirectly shapes users' information acceptance by fostering public trust, thereby positioning trust 

as a psychological mechanism that transforms disclosure into meaningful information evaluation. This 

integrated perspective extends previous theoretical explanations, which have generally examined transparency, 

trust, and information acceptance in isolation. 

The unique theoretical contribution of this study lies in reconceptualizing AI-generated content transparency as 

a multidimensional communication signal rather than merely a disclosure mechanism. By integrating Signaling 

Theory, Source Credibility Theory, and the Information Acceptance Model (IACM), this research explains that 

transparency performs a dual role. On the one hand, transparency directly provides informational cues that 

enable users to evaluate the authenticity, credibility, and usefulness of AI-generated content. On the other hand, 

transparency indirectly shapes users' information acceptance by fostering public trust, thereby positioning trust 

as a psychological mechanism that transforms disclosure into meaningful information evaluation. This 

integrated perspective extends previous theoretical explanations, which have generally examined transparency, 

trust, and information acceptance in isolation. 

Accordingly, this study contributes to the growing literature on AI-mediated communication by offering a 

unified theoretical framework that explains how transparency influences users' cognitive evaluation and 

behavioral acceptance of AI-generated information in social media environments. Rather than merely 

validating existing causal relationships, the proposed framework demonstrates how transparency functions as a 

strategic communication mechanism that simultaneously reduces information asymmetry, strengthens source 
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credibility, and facilitates information acceptance. This broader conceptualization provides a more 

comprehensive theoretical foundation for understanding user behavior in increasingly AI-driven digital 

communication ecosystems. 

METHOD 

This study employed a quantitative research approach using a cross-sectional survey design to examine the 

relationships among AI-generated content transparency, public trust, and information acceptance on social 

media platforms. A quantitative approach was considered appropriate because it enables the systematic 

measurement of perceptions and attitudes toward AI-generated content and facilitates the testing of causal 

relationships among research variables through statistical analysis. The study was designed to investigate both 

the direct effects of AI-generated content transparency on public trust and information acceptance, as well as 

the indirect effect through the mediating role of public trust. 

The target population of this study consisted of active social media users who have been exposed to AI-

generated content on platforms such as Facebook, Instagram, X (formerly Twitter), TikTok, and YouTube. 

Participants were required to meet several criteria, including being at least 18 years old, actively using social 

media, and having prior experience viewing or interacting with AI-generated content. A purposive sampling 

technique was employed to select respondents who met these criteria. Considering the complexity of the 

proposed research model and the requirements of Structural Equation Modeling (SEM), a minimum sample 

size of 200 respondents was considered adequate to ensure statistical reliability and validity. 

Data were collected using an online questionnaire distributed through various social media platforms and 

digital communication channels. The questionnaire consisted of two sections. The first section collected 

demographic information, including gender, age, educational background, and frequency of social media use. 

The second section measured the research variables using multiple-item scales adapted from previous studies. 

AI-generated content transparency was measured through indicators related to disclosure clarity, transparency 

of AI involvement, and accessibility of information regarding content creation processes. Public trust was 

measured through indicators reflecting users’ perceptions of reliability, honesty, credibility, and confidence in 

AI-generated information. Information acceptance was measured through indicators associated with perceived 

usefulness, credibility, willingness to adopt information, and intention to rely on information in decision-

making processes. All measurement items were assessed using a five-point Likert scale ranging from 1 

(strongly disagree) to 5 (strongly agree). 

Prior to the main data collection, a pilot test was conducted to assess the clarity, readability, and reliability of 

the questionnaire items. Content validity was evaluated through expert review, while construct validity and 

reliability were assessed during the statistical analysis stage. Internal consistency reliability was examined 

using Cronbach’s Alpha and Composite Reliability (CR), whereas convergent validity was evaluated through 

factor loadings and Average Variance Extracted (AVE). Discriminant validity was assessed using the Fornell–

Larcker criterion and the Heterotrait-Monotrait Ratio (HTMT). 

This study employed a quantitative research approach using a cross-sectional survey design to examine the 

relationships among AI-generated content transparency, public trust, and information acceptance on social 

media platforms. A quantitative design was considered appropriate because it enables the systematic 

measurement of users' perceptions and facilitates the empirical testing of relationships among latent constructs 

through Structural Equation Modeling (SEM). Although the proposed model is theoretically grounded, the 

cross-sectional nature of the study allows the identification of statistical associations rather than definitive 

causal relationships. Therefore, the findings should be interpreted as evidence of theoretically supported 

relationships rather than proof of temporal causality. 

The target population consisted of active social media users who had previous exposure to AI-generated 

content on platforms such as Facebook, Instagram, X (formerly Twitter), TikTok, and YouTube. To ensure that 

respondents possessed sufficient experience to evaluate AI-generated content, several inclusion criteria were 

established. Participants had to be at least 18 years old, actively use social media for at least one hour per day, 

and report having encountered AI-generated text, images, videos, or other AI-assisted content within the 
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previous six months. Respondents who indicated that they had never interacted with AI-generated content or 

submitted incomplete questionnaires were excluded from the final dataset. 

A purposive sampling technique was employed because the research focused on a specific population with 

relevant experience rather than the general public. The questionnaire was distributed online through multiple 

digital channels, including social media communities, university networks, professional groups, and messaging 

applications. A total of 287 questionnaires were returned. After screening for completeness, duplicate 

responses, response consistency, and eligibility criteria, 250 valid questionnaires were retained for analysis, 

representing an effective response rate of 87.1%. 

The final sample represented diverse demographic characteristics. Respondents varied in terms of gender, age, 

educational attainment, occupation, and frequency of social media use, thereby increasing the heterogeneity of 

the sample and reducing the likelihood that the findings reflected a single user group. Nevertheless, because 

non-probability purposive sampling was employed, the sample cannot be considered statistically representative 

of all social media users. Accordingly, the findings should be interpreted as applying primarily to active users 

who have prior experience with AI-generated content rather than the broader population. 

Several procedures were implemented to minimize potential sampling bias and response bias. The survey was 

distributed through multiple online communities rather than a single platform to improve respondent diversity. 

Participation was entirely voluntary and anonymous, and respondents were informed that there were no correct 

or incorrect answers to reduce social desirability bias. In addition, questionnaire items were presented in a 

randomized sequence where appropriate to minimize response pattern effects. 

The research instrument consisted of two sections. The first section collected demographic information, 

including gender, age, educational background, occupation, and frequency of social media use. The second 

section measured the three latent constructs using multiple-item scales adapted from validated studies. AI-

generated content transparency was measured through indicators reflecting disclosure clarity, transparency 

regarding AI involvement, and accessibility of information concerning content generation. Public trust was 

measured through users' perceptions of credibility, reliability, honesty, and confidence in AI-generated 

information. Information acceptance was measured using indicators related to perceived usefulness, 

willingness to rely on information, credibility assessment, and intention to adopt information in decision-

making. All items employed a five-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree). 

Prior to the main survey, the questionnaire underwent a pilot test involving respondents with characteristics 

similar to the target population to evaluate wording clarity, readability, and item comprehension. Content 

validity was assessed through expert evaluation, while construct validity and reliability were examined during 

the PLS-SEM analysis. Internal consistency was assessed using Cronbach's Alpha and Composite Reliability 

(CR). Convergent validity was evaluated using standardized factor loadings and Average Variance Extracted 

(AVE), whereas discriminant validity was examined using both the Fornell–Larcker criterion and the 

Heterotrait–Monotrait Ratio (HTMT). 

Because all variables were collected from the same respondents using a single survey instrument, the potential 

for common method bias (CMB) was also considered. Procedural remedies included guaranteeing respondent 

anonymity, reducing evaluation apprehension, separating construct measurements through questionnaire 

organization, and employing previously validated measurement scales. Statistically, Harman's single-factor 

assessment was conducted to examine whether one dominant factor accounted for the majority of covariance 

among the indicators. The results indicated that common method variance was unlikely to substantially 

influence the findings because no single factor explained the majority of the total variance. 

The collected data were analyzed using Partial Least Squares Structural Equation Modeling (PLS-SEM) with 

SmartPLS software. The analysis was conducted in two stages. First, the measurement model was evaluated to 

establish construct reliability and validity. Second, the structural model was assessed to examine the proposed 

hypotheses by analyzing path coefficients, t-statistics, p-values, effect sizes (f²), predictive relevance (Q²), and 

coefficients of determination (R²). The significance of direct, indirect, and mediating effects was evaluated 

using a bootstrapping procedure with 5,000 resamples. 
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Despite these methodological precautions, several limitations should be acknowledged. The use of a cross-

sectional design prevents conclusions regarding temporal causality, while purposive sampling limits statistical 

generalization to the wider population of social media users. Furthermore, although procedural and statistical 

remedies were implemented to reduce common method bias, the reliance on self-reported perceptions may not 

fully capture users' actual behavioral responses toward AI-generated content. Future studies are therefore 

encouraged to employ longitudinal designs, probability-based sampling strategies, experimental approaches, or 

behavioral data to validate and extend the present findings. 

The collected data were analyzed using Partial Least Squares Structural Equation Modeling (PLS-SEM) with 

the assistance of SmartPLS software. The analysis proceeded in two stages. The first stage involved evaluating 

the measurement model to assess the validity and reliability of the constructs. The second stage involved 

evaluating the structural model to test the proposed hypotheses and examine the relationships among the 

variables. Path coefficients, t-statistics, p-values, and coefficient of determination (R²) values were used to 

evaluate the significance and explanatory power of the model. Furthermore, a bootstrapping procedure with 

5,000 resamples was conducted to assess the significance of direct, indirect, and mediating effects among the 

constructs. 

RESULTS AND DISCUSSION 

This study investigated the relationships among AI-generated content transparency, public trust, and 

information acceptance on social media platforms. A total of 250 valid responses were collected from active 

social media users who had previous experience interacting with AI-generated content. The respondents 

represented diverse demographic backgrounds in terms of gender, age, educational attainment, and frequency 

of social media use, thereby providing a comprehensive perspective on user perceptions regarding AI-

generated information. Prior to testing the proposed hypotheses, the measurement model was evaluated to 

ensure the reliability and validity of the research constructs. The results indicated that all indicators achieved 

satisfactory factor loading values exceeding the recommended threshold of 0.70. Furthermore, the reliability 

assessment showed that all constructs demonstrated Cronbach’s Alpha and Composite Reliability values above 

0.70, confirming adequate internal consistency. Convergent validity was also established, as all Average 

Variance Extracted (AVE) values exceeded the recommended minimum value of 0.50 (Chhabra et al., 2025). 

Table 1. Reliability and Convergent Validity Assessment 

Construct Cronbach's Alpha Composite Reliability AVE 

AI-Generated Content Transparency 0.891 0.918 0.736 

Public Trust 0.904 0.926 0.758 

Information Acceptance 0.887 0.915 0.729 

The structural model was subsequently assessed to examine the explanatory power of the proposed framework. 

The results revealed that AI-generated content transparency explained 41.2% of the variance in public trust. In 

addition, AI-generated content transparency and public trust jointly explained 58.6% of the variance in 

information acceptance. These findings indicate that the proposed model possesses substantial explanatory 

capability in understanding users’ responses toward AI-generated content on social media platforms (Brüns & 

Meißner, 2024). 

Table 2. Coefficient of Determination (R²) 

Endogenous Variable R² 

Public Trust 0.412 

Information Acceptance 0.586 
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Following the evaluation of the measurement and structural models, hypothesis testing was conducted using 

the bootstrapping procedure. The results demonstrated that all proposed hypotheses were statistically 

supported. AI-generated content transparency was found to have a significant positive effect on public trust 

and information acceptance. Public trust also exhibited a significant positive effect on information acceptance. 

Furthermore, public trust was found to partially mediate the relationship between AI-generated content 

transparency and information acceptance (Yang et al., 2024). 

Table 3. Hypothesis Testing Results 

Hypothesis Relationship β t-

value 

p-

value 

Decision 

H1 Transparency → Public Trust 0.642 12.451 <0.001 Supported 

H2 Public Trust → Information Acceptance 0.518 9.326 <0.001 Supported 

H3 Transparency → Information Acceptance 0.287 4.814 <0.001 Supported 

H4 Transparency → Public Trust → Information 

Acceptance 

0.333 7.265 <0.001 Supported 

Overall, the findings indicate that transparency regarding AI involvement in content creation plays an 

important role in fostering trust among social media users, which subsequently contributes to greater 

acceptance of information encountered on digital platforms. 

The findings of this study provide empirical support for the proposed conceptual framework linking AI-

generated content transparency, public trust, and information acceptance. The results demonstrate that 

transparency serves as an important antecedent factor influencing how users evaluate and respond to AI-

generated information within social media environments (Rynarzewska et al., 2026). 

The first hypothesis proposed that AI-generated content transparency positively influences public trust. The 

findings confirmed this relationship, indicating that users are more likely to trust information when they 

receive clear disclosures regarding the involvement of artificial intelligence in content creation. This result 

supports the argument presented in Signaling Theory, which suggests that transparency functions as a credible 

signal that reduces information asymmetry and uncertainty between information providers and users 

(Miskolczi, 2026). When users understand the origin and production process of digital content, they are more 

capable of evaluating its authenticity and credibility, thereby strengthening trust toward both the content and 

the platform distributing it. These findings are consistent with previous studies reporting that transparency 

enhances users’ confidence in AI systems and improves perceptions of information credibility (Jung et al., 

2025). 

The second hypothesis examined the effect of public trust on information acceptance. The results revealed that 

public trust significantly enhances users’ willingness to accept and utilize information obtained from social 

media platforms. This finding is consistent with Source Credibility Theory, which emphasizes that individuals 

are more likely to accept information originating from sources perceived as reliable and trustworthy. In the 

context of AI-generated content, trust functions as an important psychological mechanism that reduces 

concerns regarding misinformation, manipulation, and technological uncertainty. Consequently, users who 

perceive higher levels of trust are more inclined to adopt information in their decision-making processes. 

Similar findings have been reported in previous studies examining information behavior in digital 

communication environments (Boatwright et al., 2026). 

The third hypothesis proposed that AI-generated content transparency directly influences information 

acceptance. The findings confirmed this relationship, suggesting that transparency does not merely affect 

information acceptance through trust but also exerts a direct influence on users’ evaluation of information. By 

providing clear information regarding AI involvement, transparency enables users to make more informed 
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assessments regarding content quality, credibility, and usefulness (Conrad et al., 2025). Therefore, 

transparency functions both as a trust-building mechanism and as an informational cue that facilitates 

information acceptance. 

The fourth hypothesis investigated the mediating role of public trust in the relationship between AI-generated 

content transparency and information acceptance. The results demonstrated that public trust partially mediates 

this relationship. This finding suggests that transparency influences information acceptance through two 

complementary pathways. First, transparency directly assists users in evaluating information. Second, 

transparency enhances trust, which subsequently increases the likelihood of information acceptance. This 

result is consistent with the Information Acceptance Model (IACM), which proposes that trust acts as a key 

mechanism connecting information characteristics with information adoption behavior. Similar mediation 

effects have been identified in prior studies examining trust formation and information adoption in online 

environments (Aleknevičienė & Gudaitienė, 2026). 

Taken together, these findings reinforce the theoretical proposition that transparency, trust, and information 

acceptance are closely interconnected within contemporary digital communication environments. The study 

extends previous research by integrating these constructs into a single framework and demonstrating how 

transparency can influence information acceptance both directly and indirectly through public trust. From a 

practical perspective, the findings suggest that social media platforms, technology companies, policymakers, 

and content creators should implement transparent disclosure mechanisms regarding AI-generated content. 

Such initiatives may strengthen public trust, improve information evaluation processes, and contribute to the 

development of a more trustworthy digital information ecosystem. 

Critical Interpretation and Future Research Directions 

Although the findings support all proposed hypotheses, the relationships identified in this study should not be 

interpreted as universally applicable across all users and digital contexts. The effectiveness of AI-generated 

content transparency is likely influenced by broader cognitive, technological, and social factors beyond 

transparency itself. 

One possible explanation is that users with higher digital literacy may rely less on transparency disclosures 

because they are better able to evaluate information credibility independently. In contrast, users with lower 

digital literacy may depend more heavily on transparency cues when assessing AI-generated content. Likewise, 

perceived AI competence may shape users' responses differently. While some users view AI disclosure as a 

sign of technological reliability, others may associate it with concerns about bias, hallucination, or reduced 

human accountability, thereby weakening the positive effect of transparency on trust. 

Algorithmic awareness may also influence how users interpret transparency disclosures. Individuals who better 

understand recommendation algorithms may evaluate AI-generated content more critically than those with 

limited awareness. In addition, broader contextual factors, including institutional trust, digital governance, and 

cultural differences, may affect how transparency contributes to trust and information acceptance across 

different social environments. 

From a methodological perspective, the cross-sectional design limits causal interpretation because users' trust 

in AI-generated content may evolve over time. Future studies should therefore employ longitudinal or 

experimental designs to better capture causal mechanisms. Furthermore, incorporating variables such as digital 

literacy, perceived AI competence, algorithmic awareness, perceived information quality, and institutional trust 

as mediators or moderators would provide a more comprehensive understanding of users' responses to AI-

generated content and strengthen both the theoretical and practical contributions of this research. 

CONCLUSION 

This study examined the role of AI-generated content transparency in shaping public trust and information 

acceptance on social media platforms. The findings demonstrate that AI-generated content transparency 

significantly enhances public trust and information acceptance. In addition, public trust positively influences 

information acceptance and partially mediates the relationship between transparency and information 
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acceptance. These findings indicate that transparency serves not only as a mechanism for reducing uncertainty 

but also as an important factor that strengthens users’ trust and willingness to accept information in digital 

environments. 

The study contributes to the understanding of how transparency influences user perceptions and behaviors in 

AI-mediated communication. By integrating AI-generated content transparency, public trust, and information 

acceptance into a unified framework, the study provides a broader perspective on the factors that shape 

information evaluation in contemporary social media environments. 

From a practical perspective, the findings suggest that social media platforms, technology developers, 

policymakers, and content creators should implement transparent disclosure mechanisms regarding AI 

involvement in content creation. Such initiatives may strengthen public trust, improve information evaluation 

processes, and contribute to a more accountable and trustworthy digital information ecosystem. 

Despite its contributions, the study is subject to several limitations, including its focus on a limited set of 

variables and the use of a cross-sectional research design. Future research is encouraged to investigate 

additional factors that may influence information acceptance, including digital literacy, algorithmic awareness, 

perceived usefulness, and information quality. Comparative and longitudinal studies may also provide deeper 

insights into users’ evolving perceptions of AI-generated content across different digital contexts. 
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